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onparametric Bayesian am)roach

Tadahiro Taniguchi, Shogo Nagasaka, Double Articulation Analyzer for Unsegmented Human Motion using Pitman-
Yor B136H&se model and Infinite Hidden Markov Model, 2011 IEEE/SICE SII.(201m) 2
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25th international conference on Machine learning. ACM, 2008.
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the ACL and the 4th International Joint Conference on Natural Language Processing of the AFNLP:

Volume 1, 2009, pp. 100-108.



“Alice in Wonderland” @ &1

first,shedreamedoflittlealiceherself,andonceagainthetinyhandswereclaspedup
onherknee,andthebrighteagereyeswerelookingupintohersshecouldhearthevery
tonesofhervoice,andseethatqueerlittletossofherheadtokeepbackthewanderingh
airthatwouldalwaysgetintohereyesandstillasshelistened,orseemedtolisten,thew
holeplacearoundherbecamealivethestrangecreaturesofherlittlesister'sdream.the
longgrassrustledatherfeetasthewhiterabbithurriedbythefrightenedmousesplashe
dhiswaythroughtheneighbouringpoolshecouldheartherattleoftheteacupsasthema
rchhareandhisfriendssharedtheirneverendingmeal,andtheshrillvoiceofthequeen...

— =

first, she dream ed of little alice herself ,and once again the tiny hand s were
clasped upon her knee ,and the bright eager eyes were looking up into hers --
shecould hearthe very tone s of her voice , and see that queer little toss of
herhead to keep back the wandering hair that would always get into hereyes --
and still as she listened , or seemed to listen , thewhole place a round her
became alive the strange creatures of her little sister 'sdream. thelong grass
rustled ather feet as thewhitera bbit hurried by -- the frightened mouse splashed
his way through the neighbour ing pool -- shecould hearthe rattle ofthe tea cups
as the marchhare and his friends shared their never -endingme a | ,and the ...

[hikR FEREBIID]
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a) Kazuhito Takenaka, Takashi Bando, Shogo Nagasaka, Tadahiro Taniguchi, Kentarou Hitomi, Contextual Scene
Segmentation of Driving Behavior based on Double Articulation Analyzer, IEEE/RS]J International Conference on
Intelligent Robots and Systems 2012 (IROS 2012), 4847-4852 .(2012)

b) Kazuhito Takenaka, Takashi Bando, Shogo Nagasaka, Tadahiro Taniguchi, "Drive Video Summarization

based on Double Articulation Structure of Driving Behavior”, ACM multim media 2012, [R¢aTHIRZE ]
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S. Nagasaka, T. Taniguchi, K. Hitomi, K. Takenaka and T. Bando, “Prediction of Next Contextual Changing Point of
Driving Behavior Using Unsupervised Bayesian Double Articulation Analyzer”, IEEE Intelligent Vehicles Symposium.
(2014) (oral: acceptance ratio 6%).

Tadahiro Taniguchi, Shogo Nagasaka, Kentaro Hitomi, Kazuhito Takenaka, and Takashi Bando

Unsupervised Hierarchical Modeling of Driving Behavior and Prediction of Contextual Changing Points, IEEE
Transactions on Intellicent Transportation Svstems. (to appear)
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