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It is my conviction that no scheme for learning, or
for pattern-recognition, can have very general utility
unless there are provisions for recursive, or at least hier-
archical, use of previous results.

- Marvin Minsky,
Steps Toward Artificial Intelligence (1960)
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continual learningz1T >34 : Progressive Neural
Networks[ 2]



A3C (Asynchronous Advantage Actor Critic)
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Progressive Neural Networks (PNN)
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Progressive Neural Networks
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Progressive Neural Networks
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Progressive Neural Networks
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Progressive Neural Networks
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Progressive Neural Networks
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Progressive Neural Networks
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Progressive Neural Networks
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Progressive Neural Networks
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http://youtube.com/v/IfLa0Y9yvYA
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http://youtube.com/v/U2URniCX4W4
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2] Progressive Neural Networks

nttps://arxiv.org/abs/1606.0467/1



https://arxiv.org/abs/1602.01783
https://arxiv.org/abs/1606.04671




#2 | #—AG | Bl | PNN



http://youtube.com/v/pAb4F9vZKMg
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