EMP—FTIFrZERZAD
7729y bh7x—4A

—

BCRWRR Y RATLARREY Y — F—LU—5—
BiE—

twitter @ktakahashi74

BREESAY BUE- XTPHRE REOERE

R Ty N THIEEHZERT REEE

£

HE - BMER



> 8 55

NEMERED T OY 0 ~DFHEEn

< 2 0:

HRED 1 B




/

NPOZK P —FTDF v« 1=

PFT (WBAI)

tIRE=E

=10
e SE15F MU EICEDIWBARREREZATMBISIERDOZET D,
e [EN—FFTDVF v ARBREOHES]

o GEIDEATIET
RHEFBVREE ! 1 SFEM EFRDONAATIBEDTTAAE T
 N\MBERK VPN OEFPENDIREK
ROBELECAICIHAD
o EHEHST RENRBEEERDT DY b D7 —AEE
/AN G HRRR. VI LDz PREEA—T V1L

e AN/ =
SARBIE. N\ DY VEE., BEFXIE
ERIATBIF. HARNOHBET (RS . KiTRERE (Rsid) &




NPOZTP —FTDF v « 1 ZIPFT (WBAI)

REFEsE
pEN=R NG| N N
(e TF—FTEX v N—TpE) ASDIEN

= &8
EE= (EPNASES
f;i;ng ARSER, F2%81000M

B H7= , e

i % LR
EEHKEESS et
[LEREER _
emEga e
=T DD —O8KM/F£&D

SRIEBSEHERTE

:-I::I -E=§_ Xﬁ'ﬁﬁlﬂ
R IE
%M—t?’% : 4%}%% E¥E RO ANTHREWERFANICHRE
EU'f‘t%:Z : %1;%1\5_ RS . info@wbai.ip

——— NN 2%% :
BRER [ {hpEGE 7 1 7 R—I % #EfmH (http://wbai.jp)






HIEaL L a—T 4 T DO DI 7RI =T 7T N7 4 — LD LB %
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Table 2
Number of minicolumns and hypercolumns in cortex
Minicolumns Hypercolumns

Human w 2 x 105
Macaque z 2 x 10°
Cat 6 x 109 6 x 10*
Rat 5x 10° 5 x 103
Mouse 1.6 x 10° 1.6 x 103
The figures are computed from the data in Table 1.
Table 3
Number of connections and connectivity in cortex

Corticocortical connections Connectivity
Human 2.4 x 1013 w
Macaque 3.6 x 1012
Cat 7.2 x 10! 2 x 1072
Rat 6.0 x 1010 0.24
Mouse 2.4 x 1010 0.94

The connections are between minicolumns and the level of connectivity
is computed as the fraction of full connectivity between the minicolumns.
The majority of all synapses in a minicolumn are devoted to corticocortical
connections, and each connection is on average supported by five synapses.

Johanson and Lansner, Neural Networks, 2007.
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