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1 |Source of |Circuit ID Names Sub-Circuits Super ‘ Uniform | Transmitter [ Modulation Size  |Projections Interpretation(@&f) abel unction rojections in Use
ID Class Type

collection Hippocampal Hipp; LEC; MEC; FALSE ~ PERI (origin LEC_deep_uc1); PF Top Level Functions for HPF PERI (GIPA:G)
categorization by integratin@llocentric
and egocentric information
3 | DHBA Hipp Hippocampus Wl
DHBA  |CA1 cornu Ammon Hp_(l’l B %E J]— MEC_Ill [Moser, 2010] Ensemble activity in CA3, but notin
MEC_V [Moser, 2010]; CA1, is sensitive to the content of a
Py scene or place in the environment;
(BIF) Nocles geomens [Rolls 2013, |CA3 ot e etival o (HCD)
4 : memories about where an objects i
PFC.L2 [Verwer, 1997] in a scene [Robertson, 1998]
PFC.L3 [Verwer, 1997] [Rolls, 1998] or where a reward coul
S [Llorens-Martin, 2014] be found in the environment [Brun
2002]
[Bubb, CA1_distal | CA1, distal TRUE ~ ~ |Excitatory v S_proximal [Knierim, 2014] Non-spatial semantic memory C Place category (internal representation of |S_proximal (GIPA:G)
5 __9017] LEC_deep [Knierim, 2014] [author, year] visual spatial information)
MEC_IIl [Moser, 2010];
S_distal [Knierim, 2014] Place cells [Brun, 2002] r Position distribution (cluster information |S_distal (GIPA:G)
Circuit MEC_deep [Knierim, 2014]; [O'Keefe,1976] regarding positions)
NS CA1 [Llorens-Martin, 2014];
Circuit Source of ID CA3 [Llorens-Martin, 2014]
Circuit ID MEC_II [Llorens-Martin, 2014];
N CA1_distal [Knierim, 2015] Pattern completion, information HMIII} - [Integrated semantic memory and episodic | CA1_distal (GIPA:G)
Circuit CA1_proximal [Knierim, 2015]; integration [Kesner, 2007 J[Rolls memory of information from
Sub-Circuits CA2 [Llorens-Martin, 2014][Knierim, [2007] XandZ
2015];
Super Class CA3 [Knierim, 2015];
m DG [Llorens-Martin, 2014]
CA2 [Llorens-Martin, 2014] Pattern separation [Kesner, 2000 H~DG} |Integrated semantic memory CA3 (GIPA:G)
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Here is a List of the
target circuit IDs

(@]

Connection

Uniform circuit

—>

Property only for Uniform Circuits

CA3 [Llorens-Martin, 2014];
DG [Knierim, 2015];

JIRolls, 2007]
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https://docs.google.com/spreadsheets/d/1xf5tIj2qzHh9a52a2p9K5b8ggra825bvBdXKhghF2W4/edit
https://wba-initiative.org/18424
https://wba-initiative.org/18424
https://wba-initiative.org/18094/
https://wba-initiative.org/18094/
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MOde|2 likelihood multiplication

Model2 particle replacement
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(b) Discrete-event queue

p(xjly1a) Queue
. 10) p(-2ly1) | P(xG-1lyii) P(xj1y1:0) ‘ P(XG+11y1:) ‘ P(xj+2|¥1:0)
Xj state -
Y1 : observation ) : filtering
i - observation fi
! observation time ?ilfule) P(xj-1lyri+1)  P(lyrisr) P(Xj+1|}’1:i+1)‘P(Xj+2|y1:i+1»P(X;‘+3\y1:i+1) .
j  :statetime ‘ : predict
State time (j) . filtered
1 2 3 4 5
1 o
p(x1ly11) * p(x2ly1:1) * p(x3ly1:1) ¢ predicted
HE
‘é p(x1ly1:2) p(xzly1:2) + p(x3ly1:2) * p(Xaly1:2) - history
2.3
8 p(x1ly13) p(*2ly1:3) p(x3ly1:3) * p(*aly1:3) * p(xs51y1:3)
5' n : observation
° p(x21y1.4) p(x31y1.4) P(X41y1.4) * p(xs1y1.4)
=Is
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