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Rabinovich, Varona, Selverston & Abarbanel, Rev Mod Phys, 2006
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Rabinovich, Varona, Selverston & Abarbanel, Rev Mod Phys, 2006
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Time 0.00 s

Trial 1-10

Isomura et al., PLoS Comput Biol, 2015; Isomura & Friston, Sci Rep, 2018; Isomura et al., Nat Commun, 2023 19/26
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Canonical neural networks perform active inference

| Delayed modulation of plasticity
1_' Yagishita et al., Science, 2014
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Equivalence between canonical NNs, Bayesian inference, and Turing machines

Canonical neural networks Variational Bayes under POMDP Differentiable Turing machine
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Canonical neural networks can implement universal Turing machines

a Interaction between multiple Turing machines and a canonical neural network
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